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Abstract: Government economic management is a comprehensive discipline that consists of
several disciplines, including political science, economic management, and economics. It also
incorporates law, social ethics, and other elements. A government accountable to the people must
ensure that its public economic management has high efficiency in resource allocation and resource
utilization, i.e., it must ensure the supply of necessary variety, quantity and quality of public goods
on the one hand, and minimize the occupation and consumption of resources on the other. Starting
from different projects of government economic management, this paper proposes five levels of
performance evaluation dimensions, namely, stakeholder satisfaction dimension, stakeholder
contribution dimension, financial dimension, business process dimension and learning growth
dimension, based on a comprehensive evaluation method and around internal performance
management objectives. Through multi-dimensional data collection, decomposition of data
objectives, analysis of key success factors, and according to the index design principles, in order to
improve the scientific and rational index design, the comprehensive evaluation model is finally
established, which makes a useful exploration for economic management performance evaluation.

Keywords: Data Mining, Data Processing, Government Economic Management, Performance
Evaluation.

Introduction

The evaluation and audit of performance target implementation results is not only a process of verifying,
accepting and confirming the performance responsibility targets of public economic management subjects at all
levels during the planning period, but also a process of summarizing and analyzing the results of the
performance responsibility targets accomplished by public economic management subjects at all levels. At the
same time, it is also the basis for using evaluation results and implementing rewards and incentives.

The evaluation of the results of achieving performance goals usually consists of two parts: internal self-
evaluation of public economic implementation agencies and evaluation by external evaluation agencies, the
conclusions of which are based on the results of external evaluation. On this basis, the comprehensive authority
of the public economy implementing body [1] (e.g. government planning or finance department) organizes
forces or commissions third-party agencies to reevaluate the performance goals of the general public sector and
makes a comprehensive evaluation report including performance, questions and recommendations to the
government. External evaluation and auditing organizations specifically authorized by law or by the authorities
verify, with the help of relevant information, the accomplishment of the performance objectives of the target
group during the plan period by comparing the "5E" objectives [2] and their evaluation indicators, and make
objective and realistic audit assessments, and make targeted recommendations on the experience gained and the
problems that exist, and submit them to the competent authorities for It will be submitted to the competent
authorities for consideration and announced to the society as the basic basis for the application of performance
evaluation results and the realization of rewards and punishments.

The government public sector performance responsibility adopts a mixed evaluation model combining internal
and external evaluation, mainly to give full play to the respective advantages of internal and external evaluation
at the same time. The internal performance evaluation implemented by public sector and unit organizations
includes two levels: institutional performance goal evaluation and individual job performance evaluation of civil
servants [3]. The former is conducive to institutions and organizations to continuously improve their
performance management level by self-summarizing and analyzing their performance management experience
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and identifying shortcomings, while the latter is an indispensable way for institutions and organizations to
perform their performance-oriented incentive function.

For the external evaluation of the results of public sector performance objectives, a single-entity model or a two-
entity model can be implemented, which should be complemented by the participation mechanisms of the press,
NGOs and the public. The single-subject model refers to the fact that the public audit department is only the
subject of external evaluation of the performance goals undertaken by the responsible subject. The so-called two
-subject model refers to the public audit department and the government's comprehensive finance department as
the subjects of external evaluation of the performance goals undertaken by the responsible subject. Both models
have advantages and disadvantages. The single-discipline model has the advantage of saving evaluation costs,
but it also has two disadvantages. First, it is difficult to ensure the objectivity of evaluation conclusions due to
the lack of mutual confirmation. Second, the performance evaluation report given by the auditing department
through performance audits generally only publicly reflects the performance results and problems that exist.

Because of this, developed countries attach great importance to the construction of performance pay and job
incentive mechanisms for civil servants. As early as the middle of the 19th century, Britain established a civil
service appraisal system centered on performance and talent through continuous civil service system reform, and
decided to reward and promote civil servants based on individual and itemized appraisal results. 1887, the
United States formally established a civil service appraisal system [4]. The appointment, salary increase and
promotion of civil servants are based on the results of job evaluation and performance rewards, which is called
the performance appraisal system. since the 1980s and 1990s, in the New Public Management movement
pioneered in Europe and America, both the UK and the US have attached great importance to the close
connection between incentive and accountability mechanisms and performance appraisal results. The application
of performance appraisal results is mainly in two directions: first, performance pay or performance bonuses are
determined and paid to individual civil servants based on the appraisal results; second, the appraisal results are
integrated with departmental budgets, and budgetary resources are allocated based on the performance appraisal
results of departments and programs [5]. Among them, the U.S. performance management and recognition
system established in 1984 required each federal government agency to classify the final assessment results into
five levels and to link the performance assessment levels to civil service bonuses. It was not until later that it
was further reflected in the performance-based allocation of budgetary funds [6]. Together, these six elements of
public economic performance management form a complete system framework (as show in Figure 1).

Figure 1. Diagram of Government Economic Performance Management System
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As shown in the Figure 1, it is precisely the schematic diagram of the public economic performance
management system

Therefore, based on multidimensional data mining, this paper first establishes the evaluation objectives of the
public performance management system, based on which the performance evaluation reports given by the
auditing department are collected, the incentive mechanism behind them is unearthed, and the performance
incentive objectives are successfully explored, and the contributions of this paper are as follows.

Using and modifying the evaluation objectives of the government public economic performance management
system, an evaluation system based on multidimensional data mining is established.

The hierarchical analysis method and fuzzy comprehensive evaluation method are elaborated, and then a
comprehensive evaluation of economic management performance is conducted.

Through the construction of the evaluation model and the analysis of the comprehensive evaluation results, we
illustrate the scientific and practicality of the research content of this paper, and propose policy
recommendations for the existing problems.

Related Work

Problems in Performance Evaluation

There is No Unified Scientific Policy Specification

Public economic performance evaluation is mostly compelled by the requirements of higher governments or
comprehensive financial departments, and reform and innovation experiments are mainly conducted by local
governments spontaneously and semi-spontaneously [6]. The lack of unified policies, regulations and systems at
the national level has led to the lack of clear standards, standardized procedures and scientific index systems for
evaluation work, which is mostly "campaign" and "surprise" evaluation, with insufficient continuity, experience
exchange and promotion. This has seriously restricted the breadth of evaluation work, the depth and intensity of
performance assessment.

The Evaluation Index System is Unreasonably Set

China's current public economic performance evaluation index system has at least three problems: First, it lacks
overall unity, and the quality of the evaluation index system varies. Second, the direction is biased. Some
political and economic task indicators tend to ignore the actual effect of public services and the efficiency of
using funds, leading to the wrong direction of work in various departments. Third, lack of objectivity [7]. Many
performance evaluation indicators are set up or simply copy the indicator systems of other regions, or blindly
pursue digital catch-up, which is seriously detached from the reality of regions and departments. This evaluation
index system seriously restricts performance evaluation and performance audit.

The Main Body of Performance Evaluation is Hesitant and Confused

In China, government performance evaluation with the party committee, the National People's Congress, the
government, enterprises, the public, scholars and third-party professional evaluation agencies as the main body
has been practiced. Experience shows that the government, as the assessment subject, is influenced by power
standards; citizens, as the assessment subject, are influenced by group value preferences; enterprises, as the
assessment subject, are influenced by market value orientations; and third parties, as the assessment subject, are
influenced by the value orientation of "customer first" [8]. Taking the government and the public as the two
poles of evaluation subjects, the government knows its own operation mechanism best. However, due to
organizational structure, personnel relations and performance considerations, it tends to take advantage of
information asymmetry to overestimate its own administrative effects; public participation is the choice of
evaluation subjects advocated by some scholars. However, the vast majority of citizens do not have the
opportunity to experience first-hand the efficiency of special public services and management within the
government, and only a very small number of citizens can accurately grasp the nature of public services.
Especially, in the absence of a frame of reference, the determination of citizens' satisfaction is a big problem,
and it is difficult to get rid of the randomness of satisfaction evaluation with limited practical effect [9]. It can
be seen that it is undesirable to adopt public views in isolation.
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The Value Orientation of Performance Evaluation is Biased

Performance evaluation should guide the public economic sector to meet the public needs of the people and
improve public satisfaction with public services. However, at present, the main body of performance evaluation
of public economic sectors is mostly the superior department, so the inertia of evaluating the performance of
public economic sectors by "economic indicators" has been formed [10], while providing diversified public
services and improving market rules are neglected, resulting in the lack of public services.

Evaluation of Economic Management Performance

Western scholars have been thinking about how to evaluate economic management performance since the early
20th century.

Yun [11] argues that it is necessary to evaluate management performance. The internal audit department must
explain and demonstrate to management its value-added and contribution to improving organizational operations.
Otherwise, the internal audit function is likely to be categorized by the organization's management as a
consumer of organizational resources rather than a creator of organizational value. Khajavi [12] notes that audit
committees play an important role in evaluating internal audit performance. Internal audit would play a greater
role if the audit committee assessed the performance of internal audit. Schneider argues that the audit committee
is responsible for assessing the performance of internal audit and examines and analyzes the shortcomings of the
audit committee in the implementation of the assessment. The results of the study show that the audit committee
charter usually does not have clear requirements for the evaluation of internal audit performance, and the audit
committee's review of the internal audit function is not sufficient to measure internal audit performance.
William [13] recommends improving and increasing the productivity of internal audit and advocates a
performance appraisal system that includes an incentive, reward and punishment system. It includes a good
incentive and punishment mechanism, scientific performance evaluation standards, objectively evaluated audit
objectives and a reasonable index system. The performance evaluation indexes constructed by the author include
cost effectiveness rate, audit finding unit cost, audit recommendation adoption rate, auditor turnover rate,
operational audit rate, audit fee rate, audit technology progress rate, and audit value satisfaction.

Congress [14] believes that management performance should be evaluated in at least six areas: efficiency,
effectiveness, quality, productivity, quality of work life, and innovation. According to the executive director of
internal audit. Tone [15] identified the most useful performance indicators from the internal audit department
performance indicators aggregated by the global audit information network, which can be classified into three
categories based on their relevance to the internal auditor, the internal audit client, and the internal audit process.
Ma [16] attempted to use the balanced scorecard to identify the key indicators that affect internal audit
performance and demonstrated that using the balanced scorecard to evaluate the feasibility of internal audit
performance. Also, through the study, it is noted that internal audit departments have used the balanced
scorecard to explore and measure the key factors of internal audit success. Zhang [17] designed an internal
audit performance assessment framework based on three principles: simplicity, practicality, and flexibility.
Output, scope, and quality are performance factors, client satisfaction, number of audit plans completed, and
compliance with standards are key aspects of performance evaluation, the audit charter is the basis and standard
for performance, and random evaluation indicators are generated by the department, industry, or organization.
To ensure that the internal audit performance evaluation framework can evolve as the audit organization evolves.
However, this is a theoretical construct and does not indicate how the assessment framework works in practice.

Manny Rosenfeld devised the Best Management Performance Model as a framework for assessing internal audit
performance. The model reflects progressive levels of performance and includes four stages: lagging,
professional, advanced, and world-class. Of course, as new audit practices and emerging tools emerge, the Best
Audit Department Model will need to be refined and developed.

Method

Multidimensional data exists mainly in the form of relational tables. Each data is considered as a row of data in
the table. There are multiple attributes in the relational table, represented by columns, each column representing
one attribute. By considering each attribute as a variable, the relational database becomes a multivariate
database. Multidimensional data visualization treats each variable as a value of a one-dimensional variable in a
multidimensional space, i.e., the attribute value of the data represents the coordinates of the data in that
dimension. The data in the database are mapped to points in the multi-dimensional space. These points are also
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called multidimensional vectors. The vector coordinates are determined by the attribute values, so the
distribution space of the data can be considered as a multidimensional space. The purpose of multidimensional
data mining is to reproduce these multidimensional vectors in a two-dimensional or three-dimensional visual
space and reflect their attributes in the multidimensional space, thus helping users to find patterns and
information that are difficult to find in relational data tables.

The Guo [18] algorithm is a new algorithm for mining the maximum set of frequent items from transactional
databases. The algorithm's search strategy combines depth-first traversal of item-set with an efficient pruning
mechanism, and uses bitmaps for frequent item-set mining. The performance of the algorithm has been
significantly improved [19]. K-means is a division-based classification algorithm that uses parameters to divide
objects into groups; making the similarity between groups as high as possible and the similarity between groups
as low as possible. Calculate the mean value of group based objects, i.e., the center of mass of the group.
Calculates the mean value of the group based objects, i.e. the center of mass of the group. It is mainly used for
processing numerical data. The DBSCAN algorithm is a density-based clustering algorithm [20], which is
criticized for its slow convergence, sensitivity to noise and outliers, and its ability to guarantee only local
optima. The DBSCAN algorithm is a density-based clustering algorithm [20], which introduces the concepts of
"core objects" and "density reachability" and clusters data using spatial indexing techniques. It introduces the
concepts of "core objects" and "density reachable", and uses spatial indexing techniques to search the
neighborhoods of objects to form clusters of all density reachable objects. The algorithm can identify noise
points and form clusters of arbitrary shape without knowing the number of clusters to be formed in advance. The
disadvantage of this algorithm is that it does not reflect high-dimensional data well and clustering is only
applicable to numerical data.

Selection and Optimization of Performance Management Data

Integrated performance data is the core of comprehensive performance assessment. It records various specific
values about human resources. It essentially reflects the business status and productivity of the enterprise.
However, since there are hundreds of features in the government economic management performance dataset,
this paper chooses to analyze and mine these features using the Mafia algorithm in correlation analysis to
identify features that are closely related to government economic management [21].

Definition 1: The standard set of performance management data is R = (a1, a2, ..., an) , ai is the design value of
the i eigenvalue, the upper float value is ui , the lower float value is li , and n is the total number of dimensions
of the engine vibration fault data.

Definition 2: The performance management data set is D = (r1, r2, ..., rn), where ri = (x1, x2 , ..., xn), denotes the
first N performance management data records and xi denotes the actual value.

In order to reflect the difference between the actual and standard data, this paper proposes a method to calculate
the difference between the actual and standard values and the degree of variation of the design float, as defined
below.

Definition 3: Discrete value of the degree of variation

(1)

If

Else
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Definition 4: Candidate set tree: The frequent item set mining strategy in the MAFIA algorithm uses depth-first
search to complete the process of generating a candidate set, and represents the process as a candidate set tree,
as shown in Figure 2 [22].

Figure 2. Option Set Tree

Each step of generating the tree expands a single item into a multi-item set. As more and more items are added
to the item-set, the corresponding confidence level will become smaller and smaller. Eventually, the support
will be lower than the minimum support for frequent item sets. Vertical bitmap representation Mafia stores the
data as a series of vertical bitmaps, as shown in Figure 3.

Figure 3. Vertical Bitmap

Each bitmap represents an item-set, and the bits in each bitmap indicate whether there is a pair of item-sets in
the data set. Initially, each bitmap corresponds to one item-set. In order to calculate the frequency of a single
item-set or multiple item-sets, a "sum" operation between bitmaps can be used.

The procedure for calculating the set of frequent items in the economic management performance data using the
Mafia algorithm is as follows [23].
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(1) Calculate the set of discrete values of the degree of change of each performance data according to Definition
3, as shown in Table 1 below.

Table 1. The Set of Discrete Values

Idex Feature 1 Feature 2 Feature 3 … Feature n
#1 0 5 7 … 3
#2 2 2 2 …. 5
… … … … … …
#n 3 6 1 … 0

(2) Group the columns of the set of discrete values of the degree of change in numerical order and uniquely
determine the same number in each column.

(3) Using the frequent item set mining method represented by the post-selection tree and vertical bitmap in the
mafia algorithm, the minimum support degree min-support is set to obtain the frequent item set from the discrete
variable value set, i.e., the feature data set f that is most closely related to the economic management
performance.

Application of Clustering Algorithm

The government economic management performance dataset contains a large amount of feature information. We
propose a two-layer clustering method based on DBSCAN and k-means using the idea of clustering. The method
uses the two-level aggregation of DBSCAN and the k-means algorithm. The DBSCAN algorithm is used to
perform initial clustering of users, remove outliers, and obtain a series of irregular clusters. These irregular
clusters are then clustered bottom-up using the k-means algorithm until the desired clustering results are
achieved.

DBSCAN Algorithm

The DBSCAN algorithm is a spatial data clustering method based on high connection density.

Before introducing the algorithm, the following definitions need to be understood first [24].

Definition 1 (E Neighborhood) for a given object; a spatial region of radius 6 centered at 7.

Definition 2 (Core Object) An object is said to be a core object if its E neighborhood contains at least a
minimum number of MINPTS objects.

Definition 3 (boundary object) If an object's E neighborhood contains less than the number of MINPTS objects,
and within the E neighborhood of the core object, the object is said to be a boundary object.

Definition 4 (Noise object) an object is said to be a noise object if it is neither a core object nor a boundary
object.

Definition 5 (direct density reachable) For a set D of objects, an object p is said to be directly density reachable
with respect to e and MINPTS from object q if p is within the E neighborhood of the core object q and q is a
core object

Definition 6 (density reachable) If there exists a chain of objects P1, P2 , ..., Pn, Pi  D, Q that is directly density
reachable from object P1 about e and MINPTS, then object PN is density reachable from object P1 about e and
MINPTS.

Definition 7 (Density connected) If there exists an object O in the set D of objects such that the object P and Q
points are density reachable about e and MINPTS, then for P and Q about e and MINPTS are density connected.

The core idea of the algorithm is that for each object in the cluster, the number of data objects in the
neighborhood of a given radius e must be no less than the threshold MINPTS, i.e., the neighborhood density
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must be no less than MINPTS, ensuring that the in-class density is much higher than the out-of-class density,
and noisy objects that do not satisfy this condition will be discarded. This method defines the class as the largest
set of objects connected by density, so it can exclude noisy objects and find irregularly shaped clusters, and its
accuracy is related to the choice of two parameters, e and MINPTS.

Algorithm Description

(Input 1) F: dataset of government economic management performance characteristics. 2) E: neighborhood
radius. 3) MINPTSE the minimum number of objects contained in the neighborhood at least.

Output preliminary clustering set T.

(1) Select a non-noise or boundary object in the economic management performance feature dataset F; 7.
Execute (2) if p is a non-core object; execute (3) if the corpse is a core object.

(2) Mark p as a noisy or boundary object.

(3) Finding all density-connected data objects from this core object, grouping these objects into one class and
deleting them from F, and writing these points to the set T.

(4) If there are still unscanned data points in F, repeat (1) ~ (3), and output the set T if it does not exist.

K-Means Clustering Algorithm

Algorithm description.

(Input l) / T: number of clusters.

2) T: the initial set of clusters formed by DBScan T '

The output is the set of data clustered into k class wide.

(1) Based on r, the set M{m1, m2, ..., mh} of prime centers of clusters is calculated

(2) Randomly select k eigenvectors x1, x2, ..., xk  M from the middle M as the initial

clustering centers.

(3) Calculate the distance from the n-dimensional center of mass M to each initial cluster center using the

normalized Euclidean distance [25] and cluster the center of mass to the cluster nearest to that
point

(4) Calculate the average coordinates of all points in each cluster, and use this average as the new cluster center

[26].

(5) Perform (3) and (4) repeatedly until the cluster centers no longer move widely to satisfy the convergence

criterion function

Overall Algorithm Process

The overall process of the method is divided into two main stages:

1) DBSCAN initial clustering stage: the pre-selected engine fault feature dataset is input into the DBSCAN
algorithm for initial clustering, and the values of radius e and MINPTS are repeatedly adjusted so that there are
a considerable number of clusters in the clustering results;

2) On the basis of the clustering results obtained in stage 1, the point with the smallest distance to each point in
each column is identified and the point with the smallest sum, and form a new data set. The new distance matrix
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is clustered using the k-means algorithm, and the clusters obtained in the first stage are combined into a new
cluster set.

Normalization

In order to avoid affecting the analysis results of the data due to the different scales and scale units of multi-
feature clustering, this paper uses data normalization to solve the problem between data indicators. The
normalization process is to solve the comparability between data indicators so that the resultant values are
mapped to [0, 1].

Analysis of the Algorithm

In this algorithm, the average time complexity of DBSCAN is 0 (nl0gn) and the space complexity is O ( n ^ 2 ).
The time complexity of the computational set M is O ( n ^ 2 ). K-means has a time complexity of 0 (n*k*t), and
t is the number of iterations. Due to the initial clustering of DBSCAN and the computation of set M, the number
of bases for k-means clustering is effectively reduced, which speeds up the convergence of k-means, improves
the overall efficiency of the algorithm, and avoids the influence of outliers on the convergence of the algorithm
[27].

Experimental and Analysis

Datasets and Evaluation Indicators

Data Collection.

Performance data were collected from 600 employees at all levels of government to analyze the characteristics
of performance management. The performance data are shown in Table 2.

Table 2. Performance Data

Evaluation
indicators

Secondary
indicators

#1001
score #1002 score #1003 score … #1599 score #1600 score

Stakeholder
Satisfaction
Dimension

T1 1 1 3 … 2 3
T2 2 1 5 … 4 3
T3 3 4 2 … 3 1
T4 3 3 2 … 2 4

Stakeholder
Contribution
Dimension

T5 1 1 4 … 1 4
T6 2 2 3 … 2 1
T7 4 4 3 … 2 1

Financial
Dimension

T8 5 4 3 … 2 3
T9 2 4 1 … 3 2
T10 3 3 1 … 2 2

Business
Process

Dimension

T11 3 2 4 … 3 1
T12 1 2 3 … 4 2
T13 4 4 1 … 2 1

Learning and
Growth

Dimension

T14 2 4 1 … 2 3
T15 1 3 4 … 1 2
T16 1 1 5 … 1 2

Overall Rating T17 92.77 84.29 90.38 … 83.61 92.60

Evaluation Indicators

In this paper, we propose five levels of performance evaluation dimensions, namely, stakeholder satisfaction
dimension, stakeholder contribution dimension, financial dimension, business process dimension, and learning
and growth dimension. As shown in Table 2, our evaluation indicators are presented. Our evaluation indicators
are divided into "very satisfied", "satisfied", "basically satisfied", "dissatisfied" and "Very dissatisfied" five
levels.
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The experiments include 32 dimensions of size and stage, and the frequent item-sets are mined for 100, 300, 600
data respectively, and the mining results are shown in Table 3.

Table 3 Frequent Item-Set Mining

Group 1 Group 2 Group 3
Sample size 100 300 600
Support 0.1 0.1 0.05

Maximum set of frequent items (94),(284),(168),(96,
76)

(94),(96,76),(168),
(284)

(96,76),(132),(168),
(94)

Clustering Results

Based on the above data and analysis, it was determined that one item set (168) and two item sets (96, 76) were
used as performance characteristics for clustering the performance data. The same 400 items of data were used
for clustering. The experiment was divided into three groups with 100, 300, 600 records. Assuming that the
clustering results in four categories, the number of engines in each category can be obtained according to the
methodology of this paper, as shown in Tables 4 and 5.

Table 4 Single Set DB

Type Group 1 Group 2 Group 3
1 35 66 90
2 21 65 42
3 20 59 112
4 34 21 97

Table 5 Binomial Set DB

Type Group 1 Group 2 Group 3
1 34 63 96
2 20 57 121
3 43 55 135
4 54 45 89

Comparison of Clustering Methods

K-means, DBSCAN algorithm, k-means algorithm with improved centroids and the algorithm in this paper were
used to cluster the above three sets of data using the same features: (168) and (96, 76), respectively, and their
DB results are shown in Tables 6 and 7 [28].

Table 6. Single Set Clustering Resultsfeatures: (168)

Clustering Method Group 1 Group 2 Group 3
K-means 0.658 0.671 0.702
DBSCAN 0.641 0.648 0.663

Improved K-means algorithm 0.612 0.628 0.636
Ours Method 0.556 0.571 0.584
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Table 7. Single Set Clustering Results features (96, 76)

Clustering Method Group 1 Group 2 Group 3
K-means 0.642 0.647 0.675
DBSCAN 0.594 0.625 0.646

Improved K-means algorithm 0.578 0.616 0.6
Ours Method 0.526 0.523 0.555

By analyzing the above two tables, the method in this paper outperforms the K-means and DBSCAN algorithms
in the clustering effect of both monomial set and binomial set, and the effect of K-means algorithm with
improved centroid is similar to the algorithm in this paper at 100 data. At 100 data, the effect of the improved
centroid K-means algorithm is similar to that of the algorithm in this paper, but as the amount of data increases,
the clustering effect of the improved centroid K-means gradually becomes worse due to the diversification of
engine fault feature patterns. The method in this paper can guarantee a good effect when dealing with engine
vibration fault data because of the denoising of the data.

From the comparison of Tables 6 and 7, it can be seen that the clustering effect when using one item set (168),
features is not as effective as that when using the binomial set (96, 76), combined features, indicating that the
performance assessment is more closely related.

Grading Results

In this paper, the Euclidean distance d from the farthest boundary point to the standard design value of the four
clusters obtained by classifying 600 data is used as the grading criteria of the data, and the specific grading is
shown in Table 8.

Table 8. Grading Results

Type Group d level
0 90 0.003~0.004 Good
1 42 0.005~0.006 Pass
2 112 0.004~0.005 Excellent
3 97 0~0.002 Moderate

In this paper, the Euclidean distance d from the farthest boundary point to the standard design value of the four
clusters obtained by classifying 600 data is used as the grading criteria of the data, and the specific grading is
shown in Table 8.

According to the above conclusions, when a new set of engine assembly data is available, only the Euclidean
distance from its fault characteristic value, i.e., binomial set (96, 76), to the standard value is calculated to
provide a reference basis for economic performance management.

Conclusion

To address the problems of government economic management performance, on the basis of absorbing the
advantages of the traditional economic management performance evaluation index system, the multidimensional
data mining method is introduced into the big data research, and the evaluation objectives of the government
public economic performance management system are used and modified to build a scientific, effective and
operable government economic management performance evaluation index system, and the data are used for
implementation and verification. The purpose of constructing evaluation indexes in this paper is to evaluate
government economic management performance. However, performance evaluation is not only to get the final
evaluation score, but also not limited to the analysis of "results", but to use the results to find ways to improve
performance. If the evaluation results are different from the expected value, it is more necessary to analyze the
causes of the problems and then make corresponding adjustments and improvements in order to promote the
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improvement of internal audit performance. Therefore, how to use the results of internal audit performance
evaluation deserves further study.
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